
https://doi.org/10.1590/1678-992X-2024-0018

Sci. Agric. v.82, e20240018, 2025

ISSN 1678-992X

ABSTRACT: This work aims to characterize and estimate soybean genotypes’ productive 
potential and industrial quality, understand the associations between traits and identify 
genotypes for a breeding program. Four collections totaling 301 genotypes were used, and 
ten quantitative characteristics were analyzed, including the mass of one hundred seeds 
(100 SW, where SW stands for seed weight), protein content (PC), oil content (OIL), fiber 
(FIB), ash content (ASH), palmitic acid (PA), stearic acid (SA), oleic acid (OA), linoleic 
acid (LA), linolenic acid (LNA). Descriptive analysis, Tukey’s test, Lilliefors statistics, and 
Pearson correlation were applied. The Euclidean distance matrix generated a network of 
correlations, and Venn Diagrams analyzed the most promising genotypes. The analyses 
showed that 100 SW, an average of 15.66 %, was low. Among the seed constituents, only 
PC was less, with an average of 33.40 % associated with a variability of 2.02. PC and OIL 
presented possible polygenic control of an additive nature. The strongest correlation was 
between PC and OIL, with a value of –0.7. The 100 SW correlated positively with PC but 
negatively with FIB, indicating negligible and weak correlations, with values of 0.18 and 
0.31, respectively. Collections 3 and 4 individually presented the lowest and the highest 
number of high-intensity interactions, respectively. The diagrams underscored the difficulty 
of simultaneously highlighting genotypes with superior performance considering multiple 
characteristics. It is concluded that except for collection 3, the genotypes presented low 
PC and low variability requiring the inclusion of favorable allelic forms, and genotypes with 
superior performance were identified on account of the characteristics 100 SW and PC or 
100 SW and OIL.
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Introduction

Soybean is a grain that originated in China more than 
5,000 years ago. As a legume species, soybeans have 
high protein quality, which makes their products a 
significant source of plant-based proteins (Qin et al., 
2022). Currently, Brazil is the world’s largest producer 
of soybeans. Furthermore, breeding programs advance 
yearly in the country, mainly, selecting genotypes 
according to their commercial and agronomic 
characteristics (Carvalho et al., 2021; Carvalho et al., 
2023). Furthermore, the physiological characteristics 
of soybeans show high correlation with the plant’s 
productivity, making it the target of breeding programs 
that use indirect selection (Todeschini et al., 2019).

Data in the literature indicate that soybeans 
contain approximately 40 % protein and 20 % oil on a dry 
basis (Berhow et al., 2020). However, obtaining soybean 
genotypes with high productivity and industrial quality 
encounters a series of problems. One of these problems, 
of a genetic nature, is associated with an unfavorable 
relationship between protein concentration and grain 
productivity or between protein and oil concentrations. 
The other concern is the economic aspect since the 
producer receives for the quantity produced and not for 
the protein and oil content (OIL) of the produced grains.

Considering the above, assessing the productive 
potential of soybeans and their industrial quality 
characteristics is of great interest to breeders. When 

expressed, the productive and quality potential of 
soybean crops takes into account the environmental 
and genetic components and the resulting interaction 
between them (Herrera et al., 2020). Furthermore, for 
the sustainable cultivation of the crop, genotypes with 
higher grain quality and productivity levels are also 
necessary (Finoto et al., 2021). Therefore, the present 
work aimed to characterize and estimate the productive 
potential and quality of soybean genotypes [Glycine 
max (L.) Merrill] and understand the associations 
between a number of agronomic characteristics and 
others representative of industrial quality, and point out 
possible genotypes that meet the needs of the breeding 
program.

Materials and Methods

Genetic material used

The genetic material comes from the Programa de 
Melhoramento Genético from the Universidade 
Regional do Noroeste do Estado do Rio Grande do Sul 
(UNIJUÍ). A nutraceutical experiment was carried out in 
the municipality of Campos Borges, in the state of Rio 
Grande do Sul, Brazil, with a humid subtropical climate. 
It is located at coordinates 28°52’31” S, 53°00’55” W, and 
altitude 459 m. The design was augmented blocks, for 
which four collections were tested. Detailed information 
on the four collections of the study is provided in Table 1. 
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The first collection, Campos Borges (CB), comprised 154 
individuals. The second collection, control cultivars (CC), 
included 22 cultivars. The third collection, comprising 
advanced F4 and F7 lines, consists of 87 individuals. 
Finally, the fourth collection, base population (F2), 
representing the base population, was made up of 32 
individuals. In total, there were 301 genotypes. 

Phenotypic data obtained from ten quantitative 
traits were collected and transformed into a table of 
means.

Evaluated agronomic traits

The ten traits analyzed were mass of one hundred seeds 
(g) (100 SW, where SW stands for seed weight) which 
represents one of the primary components of grain 
production and other characteristics of industrial quality 
as follows: protein content (PC %), oil content (OIL %), 
fiber (FIB %), ash content (ASH %), palmitic acid (PA %), 
stearic acid (SA %), oleic acid (OA %), linoleic acid 
(LA %), and linolenic acid (LNA %). All traits were 
represented as a percentage of dry weight.

Initially, 100-g samples of soybean seeds were 
dried at 105 °C to correct the moisture to 13 %. This 
value, 13 %, is the moisture content recommended for 
grain storage, which, will also avoid mechanical and 
latent damage and pests since seeds harvested with 
moisture above 13 % tend to suffer mechanical and 
latent damage, while those harvested below 13 % tend 
to suffer immediate damage (Lorini et al., 2020).

After drying, the samples were ground to obtain a 
fine and homogeneous powder, which was then subjected 
to sieving using 5 mm sieves. Subsequently, 55-g samples 
were used to evaluate the following characteristics in 
spectrophotometers: PC, OIL, FIB, ASH, PA, SA, OA, 
LA, LNA. The analyses used a SpectraStar™ XT NIR 
series spectrophotometer from Unity® Scientific. The 
device was calibrated with five samples to obtain the 
study parameters.

Descriptive statistics

The GENES software was used to perform a descriptive 
analysis of the traits containing information on the 
means, standard deviation, variance, coefficient of 
variation, and minimum and maximum values, referring 
to the soybean genotypes (Cruz, 2016).

For each variable, the statistics are calculated as 
follows:

N = total number of data
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Association between characteristics 

The data were submitted to a Pearson correlation 
analysis, as described in Eq. (1) below:
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The correlation coefficient is adimensional, and its 
absolute value is between 1 and –1, i.e., –1 ≤ r ≤ 1. A null 
correlation index, equal to 0, does not indicate a lack 
of correlation between the variables, only that there is 
no linear correlation between them. The significance of 
the correlation assessed by the t-test is given by the Eq. 
(3) below, given that the hypothesis that the correlation 
coefficient is equal to 0:
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in which it is associated with n – 2 degrees of freedom 
and at a significance level α at 1   or 5 % probability.

Network of correlations

The correlation matrix was analyzed through the 
correlation network, which used the Euclidean distance 
matrix, in which Yij represents the observation in the 
ith genotype (clone, genotype, cultivar, lineage, etc.) for 
the jth trait and defines the distance between the pair of 
genotypes i and i’ by means of Eq. (4):
  							     
d Y Yii ij i jj′ ′= −( )∑ 2

	  				   (4)

Table 1 – Identification of the progenies and the number of 
individuals corresponding to each one. F2 is the base population; 
Campos Borges (CB), control cultivars (CC), and F4 and F7 are 
segregant, with F4 and F7 being advanced lines.

Progenies (Classes) Number of individuals
CB 154
CC 22
F4 e F7 segregants 87
F2 38
Total 301
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The Euclidean distance matrix was generated 
using Pearson’s correlation, which measures the linear 
relationship between two variables and is defined by Eq. 
(5):

r s

s s
y y1 2

12

1

2

2

2
=

× 	  (5)

where, ry1y2 = Pearson’s linear correlation between Y1 
and Y2; S12 = sample covariance between the dependent 
variables Y1 and Y2; s

1

2 sample variance of the dependent 
variable Y1, and s2

2= sample variance of the dependent 
variable Y1.

The thickness and intensity of the border color 
were controlled by a crop value of 0.3, which means 
that only |r_ij| ≥ 3 have their lines highlighted. In 
addition, positive correlations were highlighted by the 
color green and negative correlations by the color red. 
In addition, proportionally, the greater the thickness 
of the border, the greater the correlation between the 
variables (Epskamp et al., 2012). The thickness and 
intensity of the border color were controlled by a crop 
value of 0.3, which means that only |r_ij| ≥ 3 had their 
lines highlighted. In addition, positive correlations were 
highlighted by the color green and negative correlations 
by the color red. In addition, proportionally, the greater 
the thickness of the border, the greater the correlation 
between the variables.

Results 

The estimates referring to the total set of available 
genotypes, regardless of their origin, designated in this 
work as a working collection, are shown in Table 2.

Notably the present study involves a 
characteristic directly related to grain production: the 
mass of 100 seeds, and the others refer to the quality 
of the grains. Thus, it appears that 100 SW (g) (Table 
2) varied from 12.33 to 21.48 g with an average of 
15.66 g. Through descriptive analysis, it is possible 
to verify the coefficient of variation below 30 % 

for all characteristics except LNA, which presented 
high heterogeneity, since the coefficient of variation 
was 66.04 %. Furthermore, only PC was low among 
the seed constituents, with an average of 33.40 % 
associated with a variability of 2.02.

 PC (%) ranged from 29.2 to 36.41 %, averaging 
33.41 %. As for the OIL characteristic, the variation was 
between 16.59 and 21.37, with an estimated general 
average of 19.07 %. FIB (%) ranged from 5.15 to 6.54 % 
with an average of 5.8798 %. Another characteristic 
under study was the ASH (%), which varied from 4.99 
to 5.51 % with an average of 5.1562 %. Palmitic, stearic, 
oleic, linoleic, and linolenic fatty acids had average 
concentrations of 10.07, 4.15, 22.89, 59.25 and 2.48 %, 
respectively.

The fatty acid profile of soybean seeds showed 
discrepancies regarding their coefficient of variation 
estimates. Among these characters, the highest coefficient 
of variation estimate was for LA, corresponding to 
66.04 %.

The 100 SW characteristics and FIB content 
showed distribution curves that do not approach a normal 
distribution, as they present a p-value that reflects the 
significance of the D statistic of the Lilliefors test, and 
both can be seen in Figure 1A and 1D, respectively. 
The FIB characteristic was the one that distanced the 
most from the normality standard, demonstrating the 
rejection of the normality test through the Lilliefors D 
statistic, a certain asymmetry, and a curve with a high 
kurtosis pattern. The PC and OIL characteristics, Figure 
1B and 1C respectively, presented a distribution with a 
typical normal pattern.

Considering the particular interest of this study 
in using genotypes from collection 3, the genotypes 
were represented by segregating lines in F4 and F7 
conducted by the breeding program UNIJUÍ. A good 
characterization of this collection and a comparison 
of relative performance in relation to the three other 
collections with genotypes used in this experiment are 
essential (Table 4).

PC presented a general average of 33.40 % (Table 
2), higher in the collection of interest (collection 3) 
compared to the general average of the four collections, 
34.29 %, ranging between 31.05 and 36.41 %. This 
value differed from the other collections according to 
Tukey’s test. The same collection performed close to 
the general average of the collections in terms of OIL 
(general average of 19.07 %, according to Table 2) with 
an average of 19 %, ranged between 17.16 and 20.12 %. 
The highest value was found in collection 2, reaching an 
estimated 19.44 %.

Collection 3 had the lowest FIB content (%) of the 
four collections evaluated. Furthermore, ASH, PA and 
EA were at the highest levels compared to the other 
collections evaluated. For ASH, the average value found 
was 5.16. Oleic, linoleic, and linolenic fatty acids also 
had relatively low average concentrations in collection 
3, with values of 23.01, 59.90 and 1.89 %, respectively.

Table 2 – Descriptive analysis of ten quantitative traits measured 
in 301 soybean genotypes.

Traits Average Minimum Maximum CV Variance SD
100 SW 15.64 12.33 21.48 11.13 3.03 1.74 
PC 33.40 29.20 36.41 4.26 2.02 1.42
OIL 19.07 16.59 21.37 4.28 0.66 0.81
FIB 5.88 5.15 6.54 3.52 0.04 0.21
ASH 5.16 4.99 5.51 1.47 0.01 0.08
PA 10.07 7.10 14.06 11.33 1.30 1.14
SA 4.15 3.65 4.93 3.90 0.03 0.16
OA 22.88 17.11 32.39 10.86 6.18 2.48
LA 59.24 46.90 64.08 3.68 4.74 2.18
LNA 2.48 00.00 11.77 66.04 2.68 1.64
CV = coefficient of variation; SD = standard deviation; 100 SW = mass of 
one hundred seeds (g), where SW stands for seed weight; PC = protein 
content; OIL = oil content (%); FIB = fiber (%); ASH = ash content (%); PA 
= palmitic acid (%); SA = stearic acid (%); OA = oleic acid (%); LA = linoleic 
acid (%); LNA = linolenic acid (%). 
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Information about the variability within each 
collection is presented in Table 5. It addresses the general 
screening of elite lines from the breeding program. These 
results identify potential parents, sources of alleles, and 
candidates for release. Comparatively, collection 3 did 
not show higher values for any measured characteristic. 
Additionally, the essential results of the relationships 
between the soybean characteristics studied are 
presented in Table 6. Several approaches to interpreting 
correlation coefficients exist, including a suggested 
interpretation based on magnitude ranges. According 
to this interpretation, a correlation between 0.00 and 
0.10 is negligible; between 0.10 and 0.39 is weak; 
between 0.40 and 0.69 is moderate; between 0.70 and 
0.89 is strong; and between 0.90 and 1.00 is very strong 
(Schober et al., 2018). The first analysis highlighted the 
associations between the 100 SW characteristic, which 
is a primary component of grain production, with the 
other representatives of grain quality. Thus, it appears 
that 100 SW presented a positive correlation with PC 
with an estimate of 0.18, and a negative correlation with 
FIB, –0.31.

This study estimated a high and negative 
correlation between PC and OIL, with an estimate of 
–0.70. The PC also showed a negative correlation of 
–0.28 with FIB, and a positive correlation with ASH and 
OA, values of 0.39 and 0.24, respectively. FIB correlated 
negatively with ASH and OA, –0.39 and –0.28, and 
positively with LA 0.19.

Figure 1 – Representation of the Lilliefors test, being: A) mass of one hundred seeds (100 SW, where SW stands for seed weight); B) protein 
content (PC); C) oil content (OIL); and D) fiber (FIB). Black line represents the observed frequency curve; and the red line represents the 
expected frequency curve. 

LA correlated negatively with LNA at a value 
of –0.58. A positive correlation index could also be 
observed between PA and LNA, with an estimate of 
0.43. High negative correlation was also observed 
between PA and OA with an estimate of –0.68. Negative 
correlation between LA and ASH, OA and LNA was 
also observed, with values of –0.51, –0.52 and –0.58 
respectively. Correlations were also found between PA 
and SA and between SA and OA, with values of 0.20 and 
0.12 respectively.

In addition to the general correlation network, 
individual correlation networks (Figure 2) for each 
collection were analyzed to verify whether the 
correlations found separately differed. An interesting 
fact is that collection 4 presented the highest number 
of high-intensity positive or negative interactions, while 
collection 3 presented the lowest.

The graphical analysis presented by the Venn 
Diagram (Figure 3) demonstrates the best genotypes 
selected for three characteristics of interest, namely 100 
SW, PC, and OIL. No genotype was found to be highly 
efficient for the three traits and efficient in PC and oil.

Discussion

Breeding programs emphasizing increasing the 
concentration of protein or oil in the grain must also 
prioritize increasing productivity, i.e., how many kilos 
of protein or liters of oil are produced per hectare. A 
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productivity of 1,000 kg ha–1 of soybeans with 30 % 
protein will result in 300 kg of protein ha–1. The same 
protein level can be achieved with genotypes containing 
approximately 40 % protein, at a productivity of 750 kg 
ha–1. Therefore, a joint assessment of these attributes is 
necessary.

The work collection (Table 2) presented an average 
100 SW, a relatively low productive characteristic. This 
fact reveals that the breeder’s efforts can increase this 
average value to other levels to adjust it to the market 
average.

Our PC values were lower than those found in 
other studies. In the literature, studies present estimates 
with PC ranging from 39.15 to 39.70 %, with an average 
of 39.59 % in three different experiments and variation 
between the experiments (Kurasch et al., 2017); PC with 
an average value of 41.60 % in a wild population (Zhou et 
al., 2019), and another study with a general average PC 
of 39.1 % (Del Conte, 2020). Thus, in the present work, 
it appears that PC values are below expectations for the 
technological quality of soybeans, which is referenced 
as being 38 % (Lorini et al., 2020), with the aggravating 
factor where the maximum value manifested by a 
number of genotypes was 36.41. Therefore, the breeding 
program must invest efforts in establishing combinations 

between parents with favorable allelic forms so that 
transgressives that better meet industrial requirements 
can be found when segregating populations.

The average value for OIL was within the 
expected range, which was close to 19 % (Lorini et al., 
2020). Studies such as Kurasch et al. (2017) corroborate 
this result, fiding the OIL varying between 18.55 and 
18.73 % and an average of 18.075 % in three different 
experimental tests and a series between tests. Zhou et al. 
(2019) found the OIL to be an average of 15.26 %, and 
Del Conte et al. (2020) found an average of 19.1 %.

Soy protein FIB, or soy FIB, is a textile FIB 
extracted from the seed residue after oil extraction. 
These FIBs have beneficial effects on health, as they are 
responsible for reducing cholesterol and blood glucose 
levels and influencing intestinal regulation. Our results 
are close to the values found by Fachi et al. (2020), 
5.57 %, and of the values provided by Valadares Filho 
et al. (2023) which is 5.30 % for the average FIB content 
for soybeans. Additionally, a study found the ASH to be 
between 5.30 and 5.59 % (Ciabotti et al., 2019). Lorini et 
al. (2020) argues the deviation from the estimate by 5 %. 
This justifies the result we found.

The composition of fatty acids in soybean seeds 
may be associated with their domestication process 

Figure 2 – Networks of correlations representing each collection individually. Green and red lines represent positive and negative correlations, 
respectively. A) Campos Borges collection; B) control cultivars collection; C) segregating collection; and D) base population collection. 100 
SW = mass of one hundred seeds, where SW stands for seed weight; PC = protein content; OIL = oil content; FIB = Fiber; ASH = ash 
content; PA = palmitic acid; SA = stearic acid; OA = oleic acid; LA = linoleic acid; LNA = linolenic acid.
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(Abdelghany et al., 2020). Furthermore, the variation of 
different fatty acids in soybean seeds is mainly related to 
the longer period of effective deposition during the seed 
filling (Tamagno et al., 2020). During this period, the 
plant presents a greater supply of nitrogen, prolonging 
leaf senescence and maintaining the supply of carbon to 
the reproductive sink regions. The differences in fatty 
acid concentrations can also be explained by different 
biochemical pathways to achieve the fatty acid profile or 
by the individual influence that each biochemical pathway 
suffers from the environment (Tamagno et al., 2020).

The fatty acid content (%) remained within the 
expected range. Previous studies found the fatty acid 
profile of PA, SA, OA, LA, and LNA, on average, for 11 
cultivars and lines, with estimates ranging from 10.37 
and 12.30 %, 3.58 and 4.13 %, 17.89 and 31.87 %, 47.36 
and 58.31 % and LNA varying between 6.17 and 7.80 %, 
respectively (Ciabotti et al., 2019). In our study, the 
highest coefficient of variation was for LNA, a result 
consistent with those reported by previous studies, such 
as Abdelghany et al. (2020) with a value of 14.6 % and 
Tamagno et al. (2020) with 6,562 %.

In addition to the statistics summarized in Table 
3, the distribution of values for each characteristic 
(Figure 1) provides other important information. The 
characteristic distribution pattern of normality and 
symmetry of the data is informative since it is typical 
of polygenic characteristics, which corresponds to 
the action of controlling genes, and is primarily of an 
additive nature. On the other hand, the asymmetric 
pattern may indicate the action of smaller numbers of 
genes and, in the main, the strong influence of effects 
attributed to dominance in controlling characteristics.

Statistically, when the kurtosis value is greater 
than 3, as manifested by a genotype, the data 

distribution becomes higher, with a funneled pattern 
and values concentrated close to the average value. It is 
said that this probability function is leptokurtic, or that 
the distribution has heavier tails than the standard of 
normality. In the context of genetic improvement, there 
is restricted variability and greater difficulty in finding 
in populations segregating the advancement of hybrid 
combinations of tested genotypes, transgressive that can 
overcome the limits established by the parents.

The PC and OIL characteristics present possible 
predominantly additive polygenic control, since they 
presented a curve that approaches the normal distribution 
(Figure 1B and C). A small degree of asymmetry was 
detected for the PC characteristic, indicating the 
presence of some gene of more significant effect, with 
manifestation of a certain degree of dominance.

The information presented can be useful in 
prediction exercises reflecting the difficulty of the 
activity in improvement programs. Thus, as an 
illustration, considering the existence of the normality 
standard and the mean and variance values equal to 
33.40 and 2.02, respectively, it was quantified that the 
probability of obtaining values in the current population 
within a more ambitious limit, established between 36 
and 40 %, will be 3.37 %. A higher margin of success 
should be pursued by implementing a base population 
enriched with favorable alleles so that these limits are 
more easily achieved by selection.

In another approach added to the study, the 
particular interest of using genotypes from collection 3, 
represented by segregating lines in F4 and F7 conducted 
by the breeding program UNIJUÍ, was considered. A 
good characterization of this collection and comparing 
relative performance to three other collections with 
genotypes used in this experiment are essential.

Figure 3 – Venn diagram depicting the best genotypes for mass of one hundred seeds (100 SW, where SW stands for seed weight), number 
of genotypes (N), protein content (PC) and oil content (OIL). A) for the four collections studied (20 % from top subjects); B) for collection 3 
individually (20 % of senior individuals). 
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Table 3 – Results of the Lilliefors test (D statistic) for four traits of 
agronomic interest. 

Traits Average Variance Symmetry1 Kurtosis2 D3

100 SW 15.64 3.03 0.75* 3.35 ns 0.1182*
PC 33.40 2.02 –0.33* 2.82 ns 0.0481 ns
OIL 19.01 0.67 –0.15 ns 3.15 ns 0.0251 ns
FIB 05.88 0.04 –0.36* 3.85* 0.0603*
1, 2* and ns = significant and non-significant, respectively, by the t-test at 
5 % probability. 3*and ns = significant and non-significant, respectively, 
by the Lilliefors test at 5 % probability. The null hypothesis is that it’s 
reasonable to study the data through the normal distribution. 100 SW = 
mass of one hundred seeds, where SW stands for seed weight; PC = 
protein content; OIL = oil content; FIB = fiber.

Table 4 – Descriptive analysis of the individual potential of ten quantitative traits measured in soybean genotypes in four different collections.  

Characteristics
CB CC SEG F2

Average Min Max Average Min Max Average Min Max Average Min Max
100 SW 15.11 c 12.44 19.33 17.86 a 14.97 21.48 16.58 b 13.61 20.11 14.32 d 12.33 19.32
PC 33.01 b 29.50 36.28 32.97 b 29.20 35.78 34.29 a 31.05 36.41 33.22 b 30.77 36.00
OIL 19.18 ab 16.71 21.37 19.44 a 17.87 20.96 19.00 b 17.16 20.12 18.59 c 16.59 19.94
FIB 5.94 a 5.28 6.54 5.81 b 5.48 6.16 5.80 b 5.28 6.20 5.91 a 5.15 6.51
ASH 5.15 a 4.99 5.47 5.12 b 5.00 5.29 5.16 a 5.08 5.45 5.17 a 4.99 5.51
PA 10.19 a 7.13 14.06 10.23 a 8.71 11.51 10.20 a 8.43 11.87 9.17 b 7.10 13.25
SA 4.15 a 3.65 4.56 4.12 a 3.97 4.36 4.15 a 3.74 4.51 4.18 a 3.80 4.93
OA 22.17 b 17.11 30.79 22.45 b 18.50 26.38 23.01 b 19.11 29.89 25.77 a 18.16 32.39
LA 59.30 b 53.75 63.98 60.42 a 56.68 64.08 59.90 ab 56.22 63.98 56.85 c 46.90 60.98
LNA 2.94 a 00.00 10.72 1.50 c 0.00 3.87 1.89 bc 00.00 4.87 2.54 ab 00.00 11.77
*Averages followed by the same letters, horizontally, do not differ from each other by the Tukey’s test at 5 % probability. CB = a segregating collection that 
passed through Campos Borges; CC = control cultivars; SEG = segregating collection of F4 and F7; F2 = base population collection. Min = minimum value; 
Max = maximum value; 100 SW = mass of one hundred seeds, where SW stands for seed weight; PC = protein content; OIL = oil content; FIB = fiber; ASH = 
ash content; PA = palmitic acid; SA = stearic acid; OA = oleic acid; LA = linoleic acid; LNA = linolenic acid.

Soy is an essential caloric-protein food to reduce 
weight. It is also a good quality protein alternative for 
vegetarians and has a lipid fraction rich in polyunsaturated 
fatty acids and carbohydrates with prebiotic activity. 
There is interest in soybean cultivars having an average 
PC of between 36 and 40 %. However, there are reports 
of reaching contents above 45 % in the case of special 
cultivars used in genetic crossings as a source of high PC. 
Collection three had a higher PC average than the other 
collections, but still slightly lower than desired (Table 4). 
Other studies have found a maximum PC of 39.15 % in 
three different assays with a variation between assays 
(Kurasch et al., 2017); an average PC of 41.60 % in a wild 
population (Zhou et al., 2019); and also an average PC of 
39.1 % (Del Conte et al., 2020). Increasing this PC to 38 % 
is desirable as has been highlighted (Lorini et al., 2020).

The oil is used as a raw material by industry to 
produce refined oil, hydrogenated fats, margarine, and 
mayonnaise, among other products. It has also been used 
in industrial products such as paints, lubricants, solvents, 
plastics, and resins (Erhan, 2005). More recently, it has 
been the main raw material for biodiesel production. 
Collection 3 has a value close to the other collections.

The FIB content of the collection of interest was 
the lowest among all collections. A highlight is that it 
presented a value close to that found by Fachi et al. (2020), 
5.57 %, and the values provided by Valadares Filho et 

al. (2023), which is 5.30 % for the average FIB content 
for soybeans. The ASH was within what was expected 
from the proximate composition of soybean seeds, which 
varies by 5 % (Lorini et al., 2020). Furthermore, the fatty 
acid content (%) also remained within the expected range.

The low variability manifested for the PC and OIL 
characteristics is a warning to include contributions from 
parents. Since they can be a source of alleles favorable 
to these characteristics, they complement those already 
existing in the collection of interest. Quantifying the 
potential and variability of genotypes in recurrent 
collections is essential to guiding programs in search of 
new genotypes for gene complementation purposes.

An additional approach in this study refers to 
the correlation between the quality and productivity 
characteristics studied. The positive correlation between 
100 SW and PC indicates that in the indirect selection 
process, when selecting the 100 SW trait, PC will also 
be selected, and the FIB content trait will be reduced. 
A work found a strong and negative correlation of –0.99 
between FIB and 100 SW and a negative correlation 
between 100 SW and PC of –0.24 (He et al., 2021). These 
estimates differ from those found in this study.

Association information between quality 
characteristics is also valuable. Several authors have 
corroborated our correlation results between PC and OIL, 
finding similar values for this correlation estimate, which 
is well known around the world (Kurasch et al., 2017; 
Jiang et al., 2018; Del Conte et al., 2020; Sobko et al., 
2020). Although the negative correlation in question has 
been known for many decades, the specific biochemical 
mechanisms are still not correctly understood (Kurasch 
et al., 2017). Certain explanations are widely accepted 
in scientific circles to account for this phenomenon. 
First, negative correlation estimates may be related to 
differences in fatty acid biosynthetic pathways (Patel et al., 
2004). Another is that an existing competition for carbon 
can partly explain this negative correlation since oil and 
protein biosynthetic pathways share some biochemical 
steps of carbon metabolism (Sugimoto et al., 1989). 
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Furthermore, studies suggest that both characteristics are 
controlled by the same gene or group of genes (Diers et 
al., 1992), which was later proven by Lestari et al. (2013), 
who mapped these genes.

Our work found some discrepant correlation 
with authors who worked with nearby collections. An 
example is the negative correlation between FIB and PC. 
A research study found correlation of 0.38 between PC 
and FIB (Carvalho et al., 2021), the opposite value to that 
found in our study. Others found positive correlation 
of 0.251 between FIB and ASH (He et al., 2021), while 
Santana et al. (2023) found negative and weak correlation 
between these characteristics. Finally, other scientists 
have found 0.38 (Fachi et al., 2020), a value discrepant 
from that found in this study. The hypothesis is that 
when using different collections, the general correlation 
between them may differ due to variability.

The positive correlation found between PA and 
LA indicates that as PA concentrations increase, LA 
concentrations follow the same direction. Positive 

correlation was observed between PA and LA, with values 
of 0.2 and 0.336. Additionally, high negative correlation 
was observed between PA and OA, with values of –0.16 
and –0.388. The authors who reported these correlations 
are Abdelghany et al. (2020) and Zhou et al. (2019). 
This negative association can be explained by the direct 
association of fatty acids with their biosynthesis in lipid 
pathways (Woyann et al., 2019).

We found negative correlation of LA with ASH, 
OA and LNA. Such negative correlations of OA and LA 
were also found ranging from –0.47 to –0.54 in three 
different populations in studies such as Cardinal and 
Burton (2007), and even more significant in the study by 
Abdelghany et al. (2020), with a value of –0.85, and in 
Zhou et al. (2019) –0.830. Between LA and LNA Zhou 
et al. (2019) found 0.297. Between OA and LNA Zhou et 
al. (2019) found –0.750. The strong negative correlation 
found between OA, LA and LNA can be explained in 
part by the location of their enzymes (FAD2 and FAD3) 
within the endoplasmic reticulum, enzymes responsible 
for their conversions (Zhou et al., 2019). The correlations 
found between PA and SA and between SA and OA can 
be explained by the presence of possible enzymes and 
their competition for substrates within the fatty acid 
biosynthetic pathway (Zhou et al., 2019).

The correlation networks referring to the 
collections individually (Figure 2) assessed whether they 
differ from each other. In a first individual visualization, 
the greater number of correlations of greater intensity 
found within collection 4, and a smaller number within 
collection 3, were already expected. This is because 
the base population, collection 4, of the breeding 
program (Figure 2D) was not subjected to selection 
cycles, thus maintaining many correlations between its 
characteristics. The opposite could also be observed, as 
collection 3 (Figure 2C), these being the advanced lines 
in F4 and F7, have already been subjected to selection 
cycles, thereby reducing the evident correlations between 
the characteristics, since over the years’ cycles, certain 
characteristics are selected over others.

Based on information from the four collections, 
the 100 SW characteristic is positioned distantly, 

Table 6 – Estimates of Pearson’s correlation coefficients among ten quantitative characteristics of soybean. The indices in bold are significant 
at 1 % probability by the t-test.

100 SW PC OIL FIB ASH PA SA OA LA LNA
100 SW 1.00 0.18 0.05 –0.31 –0.07 –0.01 –0.10 0.03 0.10 –0.09
PC 0.18 1.00 –0.70 –0.28 0.39 –0.01 0.03 0.24 –0.06 –0.09
OIL 0.05 –0.70 1.00 –0.02 –0.14 0.13 0.15 –0.16 0.03 0.00
FIB –0.31 –0.28 –0.02 1.00 –0.39 0.08 –0.05 –0.28 0.19 –0.01
ASH –0.07 0.39 –0.14 –0.39 1.00 –0.06 –0.08 0.44 –0.51 0.19
PA –0.01 –0.01 0.13 0.08 –0.06 1.00 0.20 –0.68 –0.03 0.43
SA –0.10 0.03 0.15 0.05 –0.08 0.20 1.00 –0.10 –0.24 –0.02
OA 0.03 0.24 –0.16 –0.28 0.44 –0.68 0.12 1.00 –0.52 –0.29
LA 0.10 –0.06 0.03 0.19 –0.51 –0.03 –0.24 –0.52 1.00 –0.58
LNA –0.09 –0.09 0.00 –0.01 0.19 0.43 –0.02 –0.29 –0.58 1.00
100 SW = mass of one hundred seeds, where SW stands for seed weight; PC = protein content; OIL = oil content; FIB = fiber; ASH = ash content; PA = 
palmitic acid; SA = stearic acid; OA = oleic acid; LA = linoleic acid; LNA = linolenic acid.

Table 5 – Descriptive analysis of the variability manifested in 
ten quantitative traits measured in soybean genotypes from 
different collections.

Characteristics
CB CC SEG F2

Var SD Var SD Var SD Var SD
100 SW 1.78 1.34 3.36 1.83 2.41 1.55 1.75 1.32
PC 1.97 1.40 2.71 1.65 0.91 0.96 1.94 1.39
OIL 0.70 0.84 0.69 0.83 0.45 0.67 0.67 0.82
FIB 0.04 0.19 0.04 0.21 0.03 0.17 0.08 0.28
ASH 0.01 0.08 0.00 0.07 0.00 0.06 0. 01 0.10
PA 1.49 1.22 0.63 0.80 0.70 0.84 1.47 1.21
SA 0.03 0.16 0.01 0.10 0.02 0.15 0.04 0.21
OA 4.93 2.22 4.63 2.15 3.24 1.80 8.72 2.95
LA 3.88 1.97 2.80 1.67 2.19 1.48 7.98 2.82
LNA 2.46 1.57 1.29  1.13 1.56 1.25 4.98 2.23
CB = a segregating collection that passed through Campos Borges; CC 
= control cultivars; SEG = segregating collection of F4 and F7; F2 = base 
population collection. Var = variance value; SD = standard deviation 
value; 100 SW = mass of one hundred seeds, where SW stands for seed 
weight; PC = protein content; OIL = oil content; FIB = fiber; ASH = ash 
content; PA = palmitic acid; SA = stearic acid; OA = oleic acid; LA = linoleic 
acid; LNA = linolenic acid.
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demonstrating its low association with the other 
characteristics studied, which reflect the industrial 
quality of soybeans (Figure 2). An exception is manifested 
in collection 2 (Figure 2B), involving the 100 SW and the 
LA component with a positive and significant association.

It is also worth mentioning that the negative 
correlation between protein and oil in soybean seeds is 
well known in the literature. The negative association 
between these two characteristics is evident in all 
correlation networks. In collection 2 this association was 
of a greater magnitude, as evidenced by the thickness of 
the connection between these variables in the green line 
used in the network connection (Figure 2B). However, as 
shown in Figure 2, this negative association can manifest 
itself with different intensities in different collections. The 
blocks of correlations involving the characteristics OA, 
LA, LNA, whose manifestation is consistently positive, 
stand out. This block includes the PA characteristic with 
a negative association consistent with LNA.

The diagrams presented, involving all four 
collections or particularizing the three collections that 
involve segregants, agree that is difficult to highlighting 
genotypes with the best performance when considering 
the 100 SW, PC and OIL characteristics simultaneously. 
In these diagrams, the intersection of these three sets 
results in an empty set (Figure 3A and B). The negative 
correlation between PC and OIL characters (equal to 
–0.70 in all collections and –0.73 in collection 3) provided 
an empty set at the intersection between sets of the 20 % 
best performers for these characteristics of interest.

Considering the focus, in terms of concentration 
of efforts of the breeding program, in collection 3, it is 
recommended to invest in the potential of genotypes 3, 
4, 62 and 83 with better performance for the 100 SW and 
PC characteristics. Other genotypes with outstanding 
performance are also available in the other collections 
evaluated and can be incorporated into the genetic 
improvement program.

If the interest is the increase in the OIL associated 
with higher 100 SW, attention should be paid to genotypes 
10, 13, 20, 27, 28 and 38 of collection 3, which performed 
well according to both traits.

The genotypes evaluated showed outstanding 
potential in terms of PC, reaching an average value of 
33.40 % with a maximum of 36.41 %. Of the four assessed 
collections, the one involving genotypes from segregating 
populations showed 34.29 % PC, with low variability 
requiring additional efforts to include more favorable 
allelic forms using genotypes from other collections.

The association between PC and OIL was ratified 
as negative. The correlation found was –0.70, considering 
all collections. 

Strong performing genotypes were identified that 
meet characteristics of interest such as 100 SW and PC or 
100 SW and OIL. However, the intersection of genotypes 
with the best simultaneous performances for these 
three traits is empty, mainly determined by the negative 
association between OIL and PC. 
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